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WHAT IS WEALTH INEQUALITY?

Inequality in the STOCK of assets people have as 
opposed to their FLOW of income.


Can come from productive capital (investments) and 
non-productive capital (residential housing).


Sometimes has to be viewed as FUTURE claims on 
income - best example is pensions.


Much more unequally distributed than income and often 
in surprising ways.



WEALTH vs INCOME

Standard cross-national 
income inequality patterns 
do not hold up with 
wealth.


Sweden is most unequal!
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Chapter 2   Economic inequalities in the UK

International comparisons

Making comparisons of wealth inequality between countries is more difficult than comparing 
earnings or income distributions. However, an exercise known as the Luxembourg Wealth Study 
(LWS) has begun to do this. Table 2.1, drawn from OECD’s review of LWS data, suggests that 
levels of household wealth inequality in the UK57 are not exceptional in international terms, and 
indeed much less not only than in the USA (for which two alternative series are shown), but also 
than in Germany and Sweden. The latter may come as a surprise, but it should be remembered 
that the meaning and importance of wealth differs between countries. In nations where the 
state is responsible for the bulk of pension provision funded from taxation, individuals have less 
need to save for retirement, which affects some of the numbers.

Table 2.1: Distribution of household net worth

Canada 
SFS 

1999

Finland 
HWS 
1998

Germany1 

SOEP 
2002

Italy 
SHIW 
2002

Sweden 
HINK 
2002

United
Kingdom 

BHPS 
2000

United
States 
PSID 
2001

United
States 

SCF 
2001

Shares of individuals (%)
Positive net 
worth 77 83 63 89 68 82 77 77

Nil net 
worth 3 2 29 7 5 6 8 4

Negative 
net worth 20 15 9 3 27 11 16 19

Shares of total wealth (%)
Top 10% 53 45 55 42 58 45 64 71
Top 5% 37 31 38 29 41 30 49 58
Top 1% 15 13 16 11 18 10 25 33

Wealth inequality
Gini index 
(%) 75 68 80 61 89 66 81 84

Source: OECD (2008), table 10.3, based on the LWS database. Tabulations based on a defi nition of 
household wealth that excludes business equity. Data based on household weights. Pension assets 
excluded for UK, Italy and Sweden.
Notes: 1. Most fi nancial assets and non-housing debt are recorded only for values exceeding €2,500.

57 The UK fi gures are drawn from the BHPS. They show more inequality in 2000 than the comparable HAS 
fi gures for 2006-2008 shown in Figure 2.18 which also omit private pension rights. The HAS fi gures for non-
pension wealth have a Gini coeffi cient of 59 per cent, for instance, compared to the 66 per cent for the BHPS 
series used by OECD in Table 2.1.
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Figure 9: Inequality trends in Sweden: Wealth, earnings, disposable income. 

 
Note: All Gini coefficients are based on the same population of adult (20+) individuals in the LINDA database. 
“Earnings” contain all labor-related income excluding transfers and social-security related income (e.g., insur-
ance payments and pensions). “Disposable income” contains total income net of direct taxes and transfers. 
“Wealth” is our estimated wealth. See note to figure 4 and the text for further information.  
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HOUSING & POLITICS
Why might housing be especially important for politics?


Mass ownership of ‘capital’


But also massive differences in value of housing which have 
been amplified by housing booms and busts


Also forces us to think about age and place, as much as 
about incomes.


If an unproductive part of the economy matters so much for 
preferences what are macroeconomic consequences?



1ST DIMENSION POLITICS

Our standard hobbyhorse in Comparative Political 
Economy.


Generally we expect high-income people to desire lower 
taxes and spending than do low-income people.


Does this work the same way for wealth? And how 
would we distinguish this from income.


How is distribution of wealth produced and how does 
this vary across contexts?



ANTI-REDISTRIBUTION 
CYCLE

by 2010 before house prices had really risen again. With that caveat we can note that
a restrictive fiscal policy post 2010 was accompanied by massive monetary stimulus
through quantitative easing in the USA, the UK, and eventually the Eurozone and
this in turn boosted house prices once more, thereby taking the edge off demands for
an end to austerity, at least among the homeowning set.

Figure 3: The Anti-Redistribution CycleANTI-REDISTRIBUTION CYCLE
Low demand 

for redistribution

Weak supply 
of redistribution

Reliance on credit  
to maintain  

consumption

Booming housing  
markets

Vote for Brexit in part a reflection of inability to compensate 
for rising inequality. Those without expensive houses 
resented status quo

So far we have two stories. First an argument that rising income inequality
produces rising wealth inequality, especially in housing, and especially where redis-
tribution is minimal. This is the effect of the supply of redistribution on credit
demand. Credit expansion then further fuels the booming housing market, thereby
weakening the demand for redistribution. In just those places where the supply of
redistribution is low the demand for redistribution will remain low - this equilibrium
being channeled through the housing market. In total, housing market booms cre-
ate an ’anti-redistribution cycle’ - as seen in Figure 3 - low redistribution creates
demand for credit in response to inequality, but this then produces asset booms that
themselves reduce the demand for redistribution.1

Wealth inequalities also shape the coalitional dynamics of politics in surprising
new ways. Wealth through homeownership is of course related closely to income
- richer people are more likely to own houses and, among homeowners, to have

1There is an intriguing further connection between wealth inequality and the welfare state.
Schwartz (2014) argues that countries with funded pension schemes (as opposed to PAYG systems
funded from general taxation) rely in part on securitization of mortgages to provide the pool of
borrowing that sustains private pension systems. In such countries wealth inequalities thus emerge
from both private pensions entitlements and securitized housing assets.
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SUPPLY OF REDISTRIBUTION 
→ HOUSING

Ahlquist and Ansell (2017) argues that positional 
consumption drives borrowing.


As income inequality rises it creates demand for borrowing 
to close positional gaps.


Income inequality can then fuel wealth inequality.



Figure 2: Income inequality Growth and Credit Growth (Ahlquist and Ansell, 2017)
REDISTRIBU TION & BORROWING 657

a global savings glut. To address broader international savings condi-
tions, we follow Bracke and associates and sum for each year the abso-
lute value of current account balances for all reporting countries in the 
world and divide by world GDP.71 We refer to this variable as world sav-
ings. Note that this variable is constant across countries within a year, 
so we omit year effects in the model for the mean. We expect both a lo-
cal current account defi cit and more money in the global system to be 
associated with greater credit availability, all else equal.

A word on monetary policy and central bank independence is in or-
der. We might imagine that less independent central banks would pro-

71 Bracke et al. 2008.
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FIGURE 2
CREDIT TO THE PRIVATE SECTOR AND INEQUALITY BY THE LONG-TERM LEFT 

GOVERNMENT, WITH NONPARAMETRIC LOESS CURVE SUPERIMPOSEDa 
a Points represent all available country-years from 1961–2010, shaded based on the cumulative 

years of left-party government since 1960 as proportion of years since 1960.
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right ideologically. This effect is distinct from simply being a homeowner - it is the
value of one’s home, not merely title to a house, that matters.

This connection between house prices and support for redistributive policies helps
to explain why despite rising income inequality in the UK and USA from the 1980s
through the 2000s, there was no great surge in either public support for redistribution
or in its actual level. Rising house prices pushed homeowners towards political
attitudes that were less supportive of redistribution and social insurance. Another
way of thinking about this is once we take into account people’s wealth as well as
their incomes the apparent paradox of stagnating incomes not leading to demands
for government action goes away.

Of course, when house prices collapsed in the credit crisis, one might have ex-
pected greater demands for intervention. Here the evidence is more mixed. There
was an immediate response of enormous fiscal stimuli across the advanced industrial
world which fits this theory. However, this was followed by a turn to austerity policies
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THEORY
Model of positional consumption - my consumption 
choices depend on my income net of taxes plus the 
difference between my net income and that of rich.


Latter drives up consumption as inequality widens, which 
pushes down savings and increases borrowing.


But… higher taxes reduce gap in net incomes, reducing 
positional consumption effect of rising pre-fisc inequality. 


But tax choices themselves are endogenous to inequality.



EMPIRICAL STRATEGY

Redistribution clearly endogenous to inequality. 

Data on redistribution very scarce, problematic.

Electoral institutions and past partisan experiences established 

long before current redistribution; conceivably exogenous. 

Following theory, use long-run left government as “quasi-

instrument” for prevailing redistribution. 

654 WORLD POLITICS 

borrowing. All else equal, the relationship between credit and postfisc 
inequality should be the same regardless of the level of redistribution, 
which tells us nothing about whether fiscal redistribution and consumer 
credit are substitutes. Moreover, the dashed line represents the fact that 
all else may not be equal. Long run–government partisanship may af-
fect credit levels in ways beyond the partisan/redistributive channel. As 
a result, postfisc inequality is uninformative about the mechanisms in 
our argument.

Long run–government partisanship cannot be used as a formal in-
strument for redistribution because we do not have sufficient data on 
redistribution and we find the exclusion restriction unsustainable here. 
But we can discern whether long-run partisanship conditions the re-
lationship between credit and pretax inequality, giving us the ability to 
empirically examine parts of our argument and move the literature for-
ward.

DATA AND MEASUREMENT

Our core analysis uses a panel data set covering eighteen OECD countries 
from 1980–2010.57 The main constraint that generates this restricted 
time period is the availability of several covariates. Simpler models ex-
cluding these covariates are reported in the supplementary material.58 
Findings with the longer time frame are actually stronger than those re-
ported here, but given the observational nature of the study, we discuss 
the full model in the main text since we believe it important to condi-
tion on as many potential confounders as possible.

To measure the extent of private sector credit, we follow the current 
57 In the supplementary material we report results from iteratively removing each country. Substan-

tive conclusions do not change. Ahlquist and Ansell 2017b.
58 Ahlquist and Ansell 2017b.

  Long-run
  government partisanship

Private Disposable Tax and Market
consumption & income  transfers income
borrowing distribution  distribution

               Z

FIGURE 1 
STATIC PATH DIAGRAM UNDERLYING THE EMPIRICAL MODELa

a Z is other exogenous covariates. 

7$
$!

#

��

3 
8  

"�
��

� 
��

�

�.

��
	�

��

�

�

��

��
��

,
 D

�:
 0

34
3�

�"
 �

�7
$$

!#

��

D
D

D
 2

0�
1"

83
�4

  
"�

�2
 "

4 
�/

�8
C4

"#
8$)

� 
���

(�
 "

3�
� 

��
��

��
2$

��
��


�
0$

��
�


��

�

��
�#

%1
94

2$
�$ 

�$7
4�

�0
�

1"
83

�4
��

 "
4�

$4
"�

#�
 �

�%
#4

��0
C0

8:0
1:

4�
0$

�7
$$

!#

��

D
D

D
 2

0�
1"

83
�4

  
"�

�2
 "

4�
$4

"�
# 



662 WORLD POLITICS 

standard regression since the effect of a covariate perturbation is dis-
tributed over future periods.81 The coeffi cients on the fi rst differenced 
terms represent the immediate (within period) impact of a shock to 
that variable. The long-run multiplier, total effect on credit in country i

generated by a permanent change in covariate k is given by –
bk

li

 (re-

call that b is the vector of coeffi cients on the lagged covariate). In this 
fi gure we omit the coeffi cients for GDP, GDP growth, population, and 
population growth because they are relatively uninteresting and large 
enough to make the plot diffi cult to read for the remaining parameters. 
GDP and population are both strongly distinguishable from zero and, 
respectively, positively and negatively signed. The BCI for both growth 
variables are wide and include 0.

Looking fi rst at the control variables, we see that government bor-
rowing appears to crowd out private sector credit in the long term while 

81 De Boef and Keele 2008.

FIGURE 5
POSTERIOR MEDIANS WITH 68 PERCENT AND 95 PERCENT BCI FOR 

REGRESSION SLOPE PARAMETERSa

a N = 558, number of countries = 18. Parameters for log GDP, GDP growth, population, and popula-
tion growth are omitted for ease of visualization. 
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664 WORLD POLITICS 

quite wide, we do not plot BCI bars. Countries for which the 95 percent 
BCI for the posterior predictive long-run effect do not contain zero, are 
identifi ed using triangles; those for which 0 ∈ 95, are denoted using cir-
cles. As expected, rising inequality is associated with greater credit in 
only those countries that had very low levels of left participation in gov-
ernment since 1960. Inequality has no discernible long-run relationship 
with credit in most of the countries, though much of this uncertainty 
is driven by the uncertainty in the error correction parameters, li . In-

 Germany US

2001 Cumulative Left Government (Std.)
–1                             0                             1                             2                             3
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FIGURE 6
POSTERIOR PREDICTIVE DENSITY MEDIANSa

a Panel (a) shows posterior predictive density medians and 95 percent BCI for the long-run effect 
on credit of a change in top 1 percent income share equivalent to that observed in the United States 
from 1980 to 2000, for Germany and the US. Panel (b) shows posterior predictive density medians 
for the long-run effect on credit of the same shock to inequality for all eighteen countries in our study . 
Triangles represent countries with posterior 95 percent BCI that do not contain 0. 
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HOUSING → DEMAND 
FOR REDISTRIBUTION
Why do asset prices (especially but not only 
housing) affect individual preferences over 
public policies?


Although house values and individual income 
are typically related they need not be.


House price booms may be uncorrelated with 
both individual and aggregate labor market 
outcomes. 




PERMANENT INCOMEThe Political Economy of Ownership: Housing Markets and the Welfare State May 2014

FIGURE 1. Permanent Income, Transitory Income, and Asset Price Changes over the Life Cycle

Asset Shock

In
co

m
e

Age

Unbroken line: transitory labor market income. Dashed lines: permanent income.

expected demand for redistributive tax and transfer
schemes. First, if property is taxable, homeowners may
be subject to higher taxes, whether as capital gains,
inheritance tax, or annual property taxation. Second,
higher asset values may lead citizens to lose eligibil-
ity to receive means-tested redistributive transfers. Fi-
nally, presuming diminishing marginal returns to in-
come, citizens with more valuable property and hence
higher permanent income may have lower demand for
redistributive transfers themselves. Collapsing house
prices should produce greater support for redistribu-
tion among homeowners for the reverse reasons.

Housing also affects preferences over social insur-
ance policies that provide income support during pe-
riods out of the labor market. The ability to use hous-
ing as a means to smooth consumption (through bor-
rowing or sale) while out of the work force and to
draw down on housing to fund retirement provides cit-
izens with steady levels of consumption during periods
of lower income and thus can substitute for socially
provided transfers such as unemployment insurance
and pensions. Homeownership thus acts as a form
of self-supplied “private insurance” against the wel-
fare losses associated with job loss, especially, per the
buffer stock argument, when access to credit may be
severely curtailed.1 Higher house prices mean more
valuable private insurance and hence should lead to
lower demand from homeowners for social insurance
as a hedge against such risks. These responses to rising
house prices should be mirrored in the case of decreas-
ing house prices, where homeowners should become
relatively more supportive of social insurance as the
value of their private insurance declines. In summary,

1 Housing has mixed advantages as a form of buffer-stock saving. On
the one hand, it is relatively illiquid and has high sales transactions
costs, reducing its utility as a hedge. On the other hand, it serves as
collateral that might enable access to credit, thereby removing the
credit constraints associated with low income.

house price appreciation reduces the demand for both
redistribution and social insurance; house price depre-
ciation increases this demand.

It is worth briefly discussing a number of potential
qualifications. First, unless they sell their house, indi-
viduals do not see the realized value of their asset. For
many individuals the value of their house is a subjective
approximation based on information gleaned about
the local or national housing market. However, many
analyses of demand for social insurance also rely on
individuals making judgments about uncertain quanti-
ties: specific skills approaches presume that individuals
are making judgments about the likelihood of finding
another job that rewards their skills like their current
occupation (Iversen and Soskice, 2001). Thus, even
though citizens typically do not know the precise value
of their house, local housing conditions will shape their
estimate (for example, in UK survey data self-estimates
and local housing prices are strongly correlated; see
below).

Second, houses are not an especially fungible form of
wealth. Selling a house can be a drawn-out process, the
speed of which depends on local economic conditions.
Given this “specificity” in the value of housing, it is
likely that the effectiveness of housing as a cushion
against income loss is conditioned by the time frame in
which the property must be sold. Whereas retirements
are planned over a long horizon, unemployment is a
rapid and often unexpected event. Hence it is likely
that asset ownership reduces demand for social insur-
ance programs for old age more so than for programs
targeted at unemployment.

Third, many homeowners hold mortgages and hence
hold relatively little equity in their house. Such individ-
uals may face greater risks in affording their house and
have less accumulated wealth in the form of property.
Accordingly, it is among individuals with greater equity
in their house that we should see the least support for
redistribution and social insurance since they face less

4
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EFFECTS ON 
PREFERENCES

LOWER TAXES:  
(a) Direct: land / property / inheritance / capital gains 


(b) Indirect: adopt income tax preferences of high-income


LOWER SPENDING : 
(a) Reduced eligibility for means-tested benefits 


(b) Reduced willingness to pay taxes for spending 


(c) Reduced demand for social insurance because of 
‘private insurance’ of nest egg. 



TYPES OF DATA
1. REGIONAL HOUSE PRICES: in many 
countries there is reliable contemporary data at a 
granular level on regional house prices. US has 
FHA data, UK has Land Registry. Allow apples to 
apples comparisons (though with limits).


2. INDIVIDUAL HOUSE PRICES: of course 
people don’t buy a ‘regional house’. Individual 
estimates tap into these important idiosyncrasies 
but rely on estimate’s accuracy.



ANES PANEL RESULTS
0% 10% 20% 30%

Less 2.1 2.7 3.3 4.1
Same 30.6 33.6 36.6 39.7
More 67.3 63.7 60 56.2

Predicted Probabilities of Social Security Preferences by House Price Change

0% 10% 20% 30%
-2 0.1 0.2 0.3 0.4
-1 5.1 6.3 7.8 9.5
0 86.8 87.1 86.8 86.1

+1 7.9 6.4 5.1 4
+2 0.1 0 0 0

Predicted Probabilities of Change in Social Security Preferences by House Price Change



BHPS PANEL DATA
Panel dataset of 47,000 individuals from 1991 to 
2006. Examine effects of both changes and 
levels in estimated housing values. 

DV: ∆ in (A) Support for Full Employment 
             (B) Ideology Index


IV: ∆ in self-estimate of house value in £10K


TECHNIQUES: 	 (A) Ordered Probit 
                       		 (B) Error Correction Model 
		 	 	 	 	 	 (C) Permanent / Transitory Inc. 




.2
5

.3
.3

5
.4

.4
5

.5
Pr

ob
ab

ilit
y 

of
 S

up
po

rti
ng

 F
ul

l E
m

pl
oy

m
en

t

100 150 200 250 300
House Price in £1,000s



PARTISAN BIAS?
This effect is stronger across all samples 
(ANES, BHPS, and ISSP) for right-wing 
voters


Similar finding to Margalit (2013) - but not 
produced by ceiling effects, nor by 
satisfaction with current party in power.


Why? Ideological filter effect appears cause - 
left-wing pro-redistribution individuals are not 



ISSP REDISTRIBUTION
The Political Economy of Ownership: Housing Markets and the Welfare State May 2014

FIGURE 2. Attitudes Towards Redistribution from the ISSP 2009
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do not become substantially less supportive of redistri-
bution when they have high levels of equity.

To summarize, the analyses in this section of the ef-
fects of homeownership and house prices on individual
social policy preferences show a powerful negative re-
lationship that previous studies of preferences have not
uncovered. However, we are left with the question as
to whether these preferences matter substantively—do
political parties respond to the shifting views of voters?

HOUSING PRICES AND POLICY OUTCOMES
AT THE MACRO LEVEL

In this section I move from examining how house prices
affect policy preferences to analyzing whether house
price fluctuations alter policy outcomes. In particular,
I investigate whether the pattern of right-wing voters
being most strongly affected by house prices manifests
itself at the national level through the actions of right-
wing parties. The findings in this section strongly sup-
port these conjectures. Even controlling for changes
in standard macroeconomic factors including national
income, price inflation, unemployment, and interest
rates I find powerful effects of house prices on patterns
of government spending. In short, when house prices
are rising, right-wing governments appear to curtail
social spending programs further. I explore this po-
litical effect of the housing cycle using cross-sectional
time-series data for 18 countries from 1975 to 2001.

For the dependent variables in this section, I examine
social spending policies from the OECD Social Spend-
ing dataset from 1980 to 2001, as well as OECD data on
social transfers as compiled by Armingeon et al. (2008)
and data on pensions and unemployment replacement
rates compiled by Scruggs (2004). The variables taken
from the OECD Social Spending dataset are total so-

cial spending as a percentage of GDP, spending on old-
age pensions as a percentage of GDP, and spending
on unemployment benefits as a percentage of GDP.
The total social spending measure includes not only
pensions and unemployment but also survivors’ bene-
fits, incapacity benefits, health spending, family spend-
ing, active labor market programs, and public housing.
The pensions replacement rate is for a retired cou-
ple and the unemployment replacement rate variable
measures the net replacement rate during periods of
unemployment for a solo breadwinner with dependent
family (Scruggs, 2004). These variables have the benefit
of capturing changes in policy generosity that are not
simply functions of the macroeconomic climate but are
direct policy changes. Finally, the social transfers mea-
sure from Armingeon et al. (2008) is defined as social
assistance grants and welfare benefits paid by general
government and has the best availability, dating back
to the 1970s.

For independent variables I focus on the interactive
effect of house price appreciation and partisanship. For
house price appreciation I use the five-year percentage
change in real house prices (i.e., inflation adjusted),
taken from the Bank of International Settlements’
house price data for 18 countries from 1970 to 2001.
These housing data provide a country-specific level of
house prices relative to 1970—note that this implies
that house price levels cannot be usefully compared
cross-sectionally, though changes can, hence my use
of the five-year percentage change.14 The mean of this
variable is 12.8% (a compounded annual rate of around

14 Five-year changes are less volatile than one-year changes and less
likely to cause endogeneity problems. In the supplementary material
I show that changes in house prices are not affected by changes in
social spending or partisanship.
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2ND DIMENSION POLITICS

The recent wave of elections suggests that economic 
class may be a less strong predictor of voting than before.


Many authors - e.g. Cas Mudde, Robert Ford - have 
argued this reflects value differences that are only loosely, 
or not at all, determined by the economy.


It expresses itself as values defined over ‘group’ and ‘grid’ 
rather than ‘greed’ (Kitschelt & Rehm).


What is connection to wealth and housing? PLACE



PLACE & POPULISM
People may own expensive houses because (a) they are rich, 
or (b) their property is in ‘expensive’ area.


Why are some areas expensive? Relates to long-run demand 
for land in particular places.


Agglomeration economies, poverty traps, Ricardian rental 
patterns all create long-lasting divergence in the experience 
and prospects of localities.


House prices provide a way of measuring this ‘calculus of 
fortune’ - where has prospered and where resentment festers.



POPULISM
What is link to second dimension politics?


Long-lasting experiences may shape world-views and 
outlooks. Not only attitudes to cosmopolitanism, diversity 
and globalization but also to authority and order.


The housing boom and bust may have reinforced this by 
solidifying residential pattern - ever harder to move.


The base of populism becomes increasingly related to 
geography - captured by housing - as opposed to class.



BREXIT



TWO BRITAINS?

The Brexit vote was a bolt from the blue, even for 
those who were its advocates. 

It exposed underlying divides across regions and 
demographics that cut across party lines. 

David Goodhart has referred to the split as 
between ‘Somewheres’ and ‘Anywheres’ - 
highlights importance of place. 



DATA
I use Land Registry data on the sales price for every 
real estate transaction in England / Wales since 1996.  

Use (logged) median prices at the Local Authority 
District (50,000-250,000 people) and ward (5-10,000). 

Match to reported Remain vote at LAD. Also have 
subset of ward counts. 

Use British Election Study data to match individuals by 
homeownership status to their LAD and Brexit intention. 



LAD PRICE LEVEL
variable that measures the percentage change in the median (non-logged) house price
in the LAD between 1996 and 2015.

Figure 1: Log Median House Prices and the Remain Vote
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Figures 1 and 2 give a good sense of both the distribution of the these housing
variables and their relationship to the the Remain vote. In both figures, each LAD
is weighted by the size of its electorate and a linear fit line is shown. In both cases,
the relationship between house prices and the Remain vote is strongly positive. In
LADs where median house prices were under £160,000, very few LADs voted to
remain int the EU, whereas there was only one LAD with a median house price
above £440,000 that voted to Leave. A similar pattern holds for house price growth,
which is measured in nominal terms. The average LAD median house price in 1996
was £60,000, whereas by 2015 that had increased to £220,000, an increase of around
266%. Figure 2 shows that in LADs where prices increased by less than 200% very
few districts voted remain whereas above around 350% it is almost all Remain LADs.

These results are indicative of a close relationship between house prices and Brexit
voting at the LAD level but how do they relate to one another and are they simply
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LAD PRICE CHANGEFigure 2: House Price Changes 1995-2016 and the Remain Vote
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functions of other regional factors or demographics differences across LADs? Tables
1 and 2 are linear regressions of the Remain vote, with standard errors clustered
by region (England and Wales have ten such geographical regions). Table 1 begins
in Model 1 by examining the bivariate effect of log median house prices (and thus
mirrors Figure 1). Here we see a one point shift in the log price variable (an percent-
age increase in prices by around 270%) is associated with an increase in the Remain
vote share of around fourteen percent points. Note only is this a very sizeable effect
but house prices also appear to explain around forty-four percent of the cross-LAD
variation in the Brexit vote.

One obvious explanation for the magnitude of the effect and closeness of fit is
that house prices are simply picking up broader regional variation in the Brexit vote.
Model 2 removes house prices and looks only at region dummies with the East region
as the omitted category. Here we see the R2 drops to thirty-four percent but we do see
the expected patterns - London with much the highest Remain support followed by
the more affluent South East and South West with the Midlands region particularly

7



pro-Brexit.
The effect of house prices nonetheless appears to go beyond regional differences.

Indeed, controlling for region the coefficient on log median house prices actually
increases by a third. Here a log point increase in house prices is associated with
a twenty percent point higher support for Brexit. Note also that the R2 of this
model that combines region and house price effects is now almost sixty percent. The
changes in the regional dummies are also interesting. Unsurprisingly the ‘effect’ of
London compared to the East reduces from eighteen points to six points. But we also
see that regions that appeared very inherently pro-Brexit - for example the North
East and Yorkshire - actually had higher baseline support for Remain, controlling
for house prices, than did the South East and South West.

Figure 3: Log House Price Levels by Region
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Figure 3 demonstrates this robust pattern of house prices on the Brexit vote even
controlling for region by breaking out the relationshop between these two variables
across the ten regions. In every region the relationship between house prices and
Remain support is positive across LADs in that region, with particularly strong
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Figure 5: Housing in London
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In all we find that large LADs with high house prices and that experience high house
price growth, limited populations in manufacturing and without a declining working
class, and a high proportion of working-age population were the most likely to vote to
Remain. The Leave victory was built on areas with limited housing wealth, stagnant
house prices, a tradition of manufacturing that was nonetheless in decline and with
high concentrations of retired people and children.
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WARD LEVEL

4 Analysis at the Ward Level

While full Brexit results are only available at the LAD level, two enterprising BBC
researchers contacted a large number of wards after the referendum and have collected
voting data at the ward level (around 5,000 people) for just over 1,000 of the nearly
8,000 wards in the UK. I conduct some preliminary analysis in this section on voting
at the ward level, and again find the same positive relationship between house prices
and Remain support, even netting out average LAD-level support.

Table 3: Ward and LAD Price Levels: Remain Support

(1) (2) (3) (4)

Log Median Price (Ward) 15.72 15.72 9.698 10.80
(0.577) (1.726) (1.734) (1.551)

Log Median Price (LAD) 7.823
(2.762)

Observations 1109 1109 1109 1109
LADs Cluster SEs Cluster SEs Fixed Effects
Standard errors in parentheses

Figure 6 demonstrates the overall correlation between the log of median house
prices at the ward level (note this data is not the LAD median) and the percentage
voting Remain in that ward. Table 3 shows that the estimated effect of a log point
increase in house prices is extraordinarily similar to that found at the LAD level -
around fifteen percent points. The effect becomes smaller but not dramatically so,
even when we control for the LAD log median price. Indeed, here we see that a
log point shift in prices in both the ward and the LAD (i.e. all wards in the LAD
increasing by the same amount) can be broken down into two effects - a 9.6 percent
point increase in Remain support from the ward price increase and a 7.8 percent point
shift from the LAD price increase. If anything then, variation within LADs is slightly
more important than that across LADs, demonstrating that the local geography of
Brexit is quite finely variegated.

14

Table 4: Ward and LAD House Price Levels and Changes

(1) (2) (3) (4)

Ward Price Change 1995-2016 0.091 0.049 0.022 0.012
(0.007) (0.009) (0.007) (0.006)

Log Median Price (Ward) 9.196 8.049 9.846
(1.786) (1.736) (1.656)

Log Median Price (LAD) -5.080
(4.649)

LAD Price Change 1995-2016 0.082
(0.032)

Observations 1109 1109 1109 1109
LADs Cluster SEs Cluster SEs Cluster SEs Fixed FX
Standard errors in parentheses
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Figure 7: Prices at the Ward Level and Remain Support: Conditional on LAD
dummies
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adds LAD dummies and here we see that ward levels remain important and ward
changes becomes less substantively large but still statistically significant. Overall,
there is ample reason to believe that both house price levels and changes at the ward
level mattered substantially for the Brexit vote - even at this very disaggregated level
of analysis.
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BRITISH ELECTION STUDY

I examine the panel completed just before the 
Referendum, which asked voting intention. 
Accurate sample - 51% support for Leave. 

Data on housing tenure. Interact home-ownership 
with (log) LAD house price level. 

Examine both Remain support and immigration 
attitudes.



Figure 8: British Election Study: House Prices, Ownership and Supporting Remain
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cultural life. It is very apparent from Model 1 - a linear random effects model - that
these variables have an extremely strong effect on Brexit vote intention. Moreover,
the apparent effect of homeownership, conditional on house prices, vanishes.

What is going on? Models 2 through 5 help to answer this question. In each case,
the immigration attitudes measure - economic or cultural - is the dependent variable.
Models 2 and 4 use LAD random effects and Models 3 and 5 use LAD fixed effects.
In all four cases we see the result from Table 5 - a positive effect of LAD house prize
for both non-homeowners and homeowners that is particularly strong for the latter
group. Figure 9 demonstrates this effect graphically using the estimates from Model
4, examining views about immigration’s cultural impact.

How should we interpret these findings? The high correlation between immi-
gration attitudes and Brexit vote intention may reflect the fact that both essentially
represent the same underlying set of values. Are these values prior to homeownership
and choice of residential area? This is quite possible, although evidence of sorting
by values in the UK suggests this is rather rare (Kaufmann and Harris, 2015). More
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Figure 9: British Election Study: House Prices, Ownership and Attitudes to Immi-
gration
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likely is that a whole source of attitudes about Britain’s place in the world, and the
place of the world’s citizens in Britain, reflect local conditions. Individuals living
in an area that has had low and stagnating house prices for decades might quite
reasonably believe that the past few decades of greater integration with Europe and
beyond has not served them, or their country, well. Individuals in booming areas,
by contrast, have made their peace with immigration and the EU.
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BES
In sum, living in high house price areas correlated 
with Remain support, especially for homeowners. 

Remain support highly correlated with immigration 
attitudes. Place seems to affect both. 

Remain base: young, high-income, female, in high-
house price areas. Pro-migration. 

Leave base: old, lower-income, male, low house-
price areas. Anti-migration.



TRUMP VOTE
Can see similar patterns using CCES 2016 data which 
codes individuals by zip-code. 


Match 5 digit zip-code to Zillow ‘Zestimates’ of single 
family house prices in 2016 along with annual change 
since 2001.


Can see effect of ‘place’ at both individual level and at 
more aggregated Congressional District level.


But NO similar ‘interaction’ effect to BES in survey.



VOTE CHOICE

House prices: both levels (logged $2016 average by 5 
digit zip) and changes (5 yr or 15yr) have negative 
correlation with Trump support.


Little sign of interaction effect with homeownership 
across specifications.


Robust to controlling for state dummies, employment 
status, gender, age, race, income, education, and even 
Party ID.
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High Spending

Populist

Rich homeowners in 
cheap areas

Liberal

Low Spending

Poor homeowners in 
cheap areas

Poor homeowners in 
expensive areas

Rich homeowners in 
expensive areas

NYC / SF elite

Dallas Republicans Rust Belt Reagan Dems

Urban poor


